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Domains & Interests
Algorithms and Optimization
Data/Pattern Mining Approches and applications
Deep Learning & NLP for local languages
Social Data Analysis 

Scientific References

Doctor & Engineer in Science and Technology
Specialist in Data science & AI
Online Content author and Teacher
Co Founder of MIFY SARL company 

Ñh
tt

p
s

:/
/j

o
h

n
a

o
g

a
.g

it
h

u
b

.i
o

/

2

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-1

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-2

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://orcid.org/0000-0002-7213-146X
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://dblp.org/search?q=john+aoga
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
https://scholar.google.com/citations?user=SZWEYcsAAAAJ&hl=en&oi=ao
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-3

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-4

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-5

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-6

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-7

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-8

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 AGENDA

3

101 Introduction to AI

202 What’s NLP

303 NLP Challenges

404 Understanding  
ChatGPT

505 Art of Prompt  
Engineering

606 Academic Use 
Cases

707 Additive Uses  
& Ethics

808 Conclusion  
& Future



3-9

Introduction To AI 

4

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 

ARTIFICIAL INTELLIGENCE

5

 What is AI?

PROGRAMM

MACHINE

OBJECT

McCarty, 2011 + Russell and Norvig (2010)

5-1

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 

ARTIFICIAL INTELLIGENCE

5

 What is AI?

Simulate reasoning 
(understanding)

Reasoning

A

PROGRAMM

MACHINE

OBJECT

McCarty, 2011 + Russell and Norvig (2010)

5-2

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 

ARTIFICIAL INTELLIGENCE

5

 What is AI?

Simulate reasoning 
(understanding)

Reasoning

A

PROGRAMM

MACHINE

OBJECT

Not necessary  
from Humain

McCarty, 2011 + Russell and Norvig (2010)

5-3

NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 

ARTIFICIAL INTELLIGENCE

5

 What is AI?

Simulate reasoning 
(understanding)

Reasoning

A
Solve Problems (Find 

feasible solutions)

Problems

B

PROGRAMM

MACHINE

OBJECT

Not necessary  
from Humain

McCarty, 2011 + Russell and Norvig (2010)

5-4

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


NLP SeminarAoga John ( )

Lunchtime Seminar IFRI 
30th Jan. 2024 

ARTIFICIAL INTELLIGENCE

5

 What is AI?

Simulate reasoning 
(understanding)

Reasoning

A
Solve Problems (Find 

feasible solutions)

Problems

B
Can understand & live in 

its environment

Adaptation

C

PROGRAMM

MACHINE

OBJECT

Not necessary  
from Humain

McCarty, 2011 + Russell and Norvig (2010)

5-5

Aoga John ( ) NLP Seminar

6

Intended Users of AI 
W h o  a r e  t h e  i n t e n d e d  u s e r s  o f  t h e  A I  t e c h n o l o g i e s  a n d  w h a t  

a r e  t h e  a p p l i c a t i o n s  o f  A I  i n  h i g h e r  e d u c a t i o n ?

https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-023-00392-8

6-1

Aoga John ( ) NLP Seminar

6

Intended Users of AI 
W h o  a r e  t h e  i n t e n d e d  u s e r s  o f  t h e  A I  t e c h n o l o g i e s  a n d  w h a t  

a r e  t h e  a p p l i c a t i o n s  o f  A I  i n  h i g h e r  e d u c a t i o n ?

https://educationaltechnologyjournal.springeropen.com/articles/10.1186/s41239-023-00392-8

6-2

Aoga John ( ) NLP Seminar

7

AI & LLM Stats
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

7-1

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


Aoga John ( ) NLP Seminar

7

AI & LLM Stats
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

7-2

Aoga John ( ) NLP Seminar

7

AI & LLM Stats
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

36 x GPT-2

7-3

Aoga John ( ) NLP Seminar

8

AI & LLM Stats
T h e  m o s t  d e v e l o p e d  c o u n t r i e s  a r e  a l s o  t h e  o n e  p u t t i n g  b i g  e f f o r t  i n  A I

8-1

Aoga John ( ) NLP Seminar

8

AI & LLM Stats
T h e  m o s t  d e v e l o p e d  c o u n t r i e s  a r e  a l s o  t h e  o n e  p u t t i n g  b i g  e f f o r t  i n  A I

Why you should take 
English seriously

8-2

mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com
mailto:johnaoga@gmail.com


What is NLP?

9

Humain & Computer communication
???

10-1

Humain & Computer communication
???

Before: Programming Language

10-2

After: Natural Language

Humain & Computer communication
???

Before: Programming Language

10-3



(Chat)bots
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(Chat)bots

Voice Assistant
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N L P i n v o l v e s t h e s t u d y a n d 
development of algorithms and 
models to enable computers to 
understand, interpret, and generate 
natural language data
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NLP Fields
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A C

B

HUMAN  
LANGUAGE

ARTIFICIAL  
INTELLiGENCE

COMPUTER  
SCIENCE
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NLP vs Large Language Models

1 LLM is part of broad NLP field

2 LLMs are deep learning models trained  
to generate text and perform various  
NLP tasks

3 Text generation oriented

Design to mainly generate text

4
#Deep learning  
#Transformers 
#Attention mechanism 
#Massive datasets 
#Advanced Algorithms

0 4  p a i n  p o i n t s  h i g h l i g h t s  h e r e

LLMs = advanced deep learning models 

(transformers) for massive language datasets

16
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ML principles
B a s i c s

Input X Output Y

Input X

Output Y

1, 2, 3, 4,… —> x^2  —> 1, 4, 9, 16, …

1, 2, 3, 4,…  
        &           —> ?  —> x^2  
1, 4, 9, 16, … 
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ML Phases
L e a r n i n g  &  t e s t s

Input X Output Y

1, 2, 3, 4,… —> x^2  —> 1, 4, 9, 16, …

 X

Y
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ML Phases
L e a r n i n g  &  t e s t s

1, 2, 3, 4,… —> x^2  —> 1, 4, 9, 16, …

 X

YCat Car Bird

Weights (W)

How to 
Adjust these 

Weights ?
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Language Processing Pain Points

1 Text -> numbers

2 Text with different sizes

3 Order is really important

Difficult to split the sentence without loosing 

information

4Meaning

Emotion detection in a sentence

0 4  p a i n  p o i n t s  h i g h l i g h t s  h e r e

Image with fix size at the begin, if not resize
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Text to numbers
N L P
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In Real, more than 
300 dimensions

Word2vec 
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Glove - Google
N L P

https://nlp.stanford.edu/projects/glove/
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Text to numbers : Word2Vec with CBOW
N L P

24-1
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24

Text to numbers : Word2Vec with CBOW
N L P

LIVE 
EXAMPLE
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Text to numbers : Word2Vec with CBOW
N L P
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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27

Recurrent Neural Network
R N N

Le chat mange goulument la souris
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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27

Recurrent Neural Network
R N N

Le chat mange goulument la souris
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27

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Le          chat      mange
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27

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Le          chat      mange

Thinking 
vector
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Recurrent Neural Network
R N N

Le chat mange goulument la souris
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28

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Le
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28

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Chat

Le

28-3

Aoga John ( ) NLP Seminar

28

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Chat

Le

Mange

goulument

La

Souris
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28

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Chat

Le

Mange

goulument

La

Souris

So Deep!
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28

Recurrent Neural Network
R N N

Le chat mange goulument la souris

Chat

Le

Mange

goulument

La

Souris

So Deep!

But, It’s done 
with only one 

network
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Recurrent Neural Network
R N N

Encodeur
Décodeur
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29

Recurrent Neural Network
R N N

Le  chat mange   

Encodeur
Décodeur
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Recurrent Neural Network
R N N

Le  chat mange   

Encodeur
Décodeur
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Recurrent Neural Network
I s s u e

Bohicon est une très 
belle ville du Benin, j’est 
vécu cinq et c’est là j’ai 
appris à parler …

30
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Recurrent Neural Network
R N N

Chat

Le

Mange

goulument

La

Souris
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31

Recurrent Neural Network
R N N

Chat

Le

Mange

goulument

La

Souris

Can not be 
Infinite!
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31

Recurrent Neural Network
R N N

Chat

Le

Mange

goulument

La

Souris

Can not be 
Infinite!

How to keep 
long-term 

information 
without loosing 
short-term ones

31-3

Long short  
term memory

32
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Long Short Term Memory
L s t m

33

Understanding 
ChatGPT

34

The Art of Prompt 
Engineering

35
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General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output.
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36

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output.
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36

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output. Instruction
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36

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output. Instruction Input Data
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36

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output. Instruction Input Data Output indicator
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36

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output. Instruction Input Data Output indicator

Feel free to not 
use all the template 

components
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ZERO-shot Prompting
T e c h n i q u e s

• Provide key elements to allow it to properly guess the correct answer => here is done 
with Sentiment

ht
tp

s:
//

w
w

w
.p

ro
m

pt
in

gg
ui

de
.a

i/
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37

ZERO-shot Prompting
T e c h n i q u e s

• Provide key elements to allow it to properly guess the correct answer => here is done 
with Sentiment

ht
tp

s:
//

w
w

w
.p

ro
m

pt
in

gg
ui

de
.a

i/
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38

Few-shot Prompting
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

• Give (few) examples of what you want => work well for exemple to generate code in a 
project

ht
tp

s:
//

w
w

w
.p

ro
m

pt
in

gg
ui

de
.a

i/
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38

Few-shot Prompting
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

• Give (few) examples of what you want => work well for exemple to generate code in a 
project

4-shot

ht
tp

s:
//

w
w

w
.p

ro
m

pt
in

gg
ui

de
.a

i/
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39

Few-shot Chain-of-Thought (CoT) Prompting
P e o p l e  a r e  p u t t i n g  m o n e y  b e c a u s e  i t ’ s  v a l u a b l e

• Give (few) examples of what you want + elaborate on your examples and ask the 
same

ht
tp

s:
//

w
w

w
.p

ro
m

pt
in

gg
ui

de
.a

i/
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40

Advanced Techniques: Prompt Chaining
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

https://www.promptingguide.ai/
 Instruction - a specific task or instruction you want the 

model to perform 

 Context - external information or additional context that 

can steer the model to better responses 

 Input Data - the input or question that we are 

interested to find a response for 

 Output Indicator - the type or format of the output.

### Instruction ### 

Convert the following text into diagram 

### Input ### 

- Choose the number of clusters (K): Determine the desired number of clusters 

based on domain knowledge or using techniques like the elbow method. 

- Initialize centroids: Randomly select K data points from the dataset as the 

initial cluster centroids. 

- Assignment step: Assign each data point to the cluster with the nearest 

centroid, i.e., the one with the least squared Euclidean distance. 

- Update centroids: Calculate the new centroid for each cluster by taking the 

mean of all data points assigned to that cluster. 

- Repeat steps 3 and 4 until convergence: Continue iterating until the centroids 

no longer change significantly or a predefined stopping criterion is met. 

### Output Format ### 

The result is a sequence diagram presented as a Mermaid code that I can run in 

diagrams.helpful.dev 

40
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Advanced Techniques: Prompt Chaining (GPT-4)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

41-1
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41

Advanced Techniques: Prompt Chaining (GPT-4)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

ChatGPT
4

41-2

Aoga John ( ) NLP Seminar

42

Advanced Techniques: Prompt Chaining (GPT-3)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e
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42

Advanced Techniques: Prompt Chaining (GPT-3)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

There is a proper way to handle loops in sequence diagrams, why not use it?

42-2
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42

Advanced Techniques: Prompt Chaining (GPT-3)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

There is a proper way to handle loops in sequence diagrams, why not use it?
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42

Advanced Techniques: Prompt Chaining (GPT-3)
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

There is a proper way to handle loops in sequence diagrams, why not use it? Great! But it's not all the step that needs to loop, it should be only the iterative part that should be in loop

42-4
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General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

43-1
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43

General Prompt Template
Y o u  s h o u l d  t r y  t o  u s e  t h i s  a s  m u c h  a s  p o s s i b l e

LIVE DEMO 
GENERATE

43-2
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s

Custom 
Instructions 

demo
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s

Custom 
Instructions 

demo
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44

Give Context
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s

Custom 
Instructions 

demo
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Custom instructions (Detail )
C o n t e x t  i s  v e r y  i m p o r t a n t  t o  f i t  t h e  a n s w e r  t o  y o u r  n e e d s

45

Addict ?

46
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Addictive Uses
A w a r e  o f  s y m p t o m s

47
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Know the Limits of your Tools
T h r e e  m a i n s  f i e l d s  i n  N L P

48
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Flaws Awareness
B e  a w a r e  a b o u t  e r r o r s

49-1
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49

Flaws Awareness
B e  a w a r e  a b o u t  e r r o r s

LIVE DEMO
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49

Flaws Awareness
B e  a w a r e  a b o u t  e r r o r s

LIVE DEMO

 Make effort,  

 Think,  

 Read 

 Cross Information 

 Tweak 

 Learn
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Ethics Implications
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AI as a threat to our Planet ?!
T h r e e  m a i n s  f i e l d s  i n  N L P

51

52

52
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Explicit Biases
A s k  D A L L - e  t o  g e n e r a t e  p r o f e s s i o n a l  i m a g e s  &  y o u  w i l l  b e  s u r p r i s e d

53
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AI & Growing Controversies
I t ’ s  m o r e  t h a n  F i v e  t i m e  n o  t w e n t y - f i v e  t i m e s  n o w

54-1

Aoga John ( ) NLP Seminar

54

AI & Growing Controversies
I t ’ s  m o r e  t h a n  F i v e  t i m e  n o  t w e n t y - f i v e  t i m e s  n o w

26 x 2012
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Takeaway Message

55

56Takeaway Messages
Use i t  but  use i t  w ise ly ,  do your  job and be aware about  eth ics  impl icat ions

AWARENESS KNOWLEDGE

DESIRE ABILITY

REINFORCEMENT
What AI & NLP can give you,  

what they can’t.  

Don’t be ChatGPT Developer 

Bias & ethics implications 

Contribution to climate disaster

Definitively source of knowledge 

Better than Google if you’re are 
precise 

Books are still important

Use it to learn, to teach, to research 

Use it to improve things to improve 
yourself

Know what it’s capable of  

Use it to get job 

Prompt engineers are becoming 
everything 

Understanding that there’s a need 
for change and wanting change to 
happen are two different things. 

When people honestly want to see 
positive change, they’ll go.
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57Takeaway Messages
Use i t  but  use i t  w ise ly ,  do your  job and be aware about  eth ics  impl icat ions

MY MESSAGE

AIs can be very useful for boosting your productivity if you know how to choose 
well and ask for specific things in a judicious and thoughtful way, but do your job 

and don't be lazy to think that AI can give you everything, be critical of the 
answers you receive, don't leave it to the last minute and, be aware of prejudices 

and biases.

57

Next Steps

58

ANY 
QUESTIONS?

59


